ccsc Assessing the Effectiveness of Synthetic Data for Monocular Depth Estimation Models
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predict pixel-wise depth from just a single input B ' ‘
image. It has useful applications in autonomous . ;
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Figure: Transformer-based deep neural network architecture of PixelFormer [2] for monocular depth estimation

» MDE models are effective when a large amount of Results

ground truth data are available for training [3]. Name
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publicly available simulator called CARLA — a testbed

for autonomous driving research [4]. Future Work

* |dentified different attributes for scene rendering (as
shown in Results section). * Train several depth estimation models using PixelFormer [2] on combinations of

natural and synthetic data.

* Depth and RGB pairs are rendered using a python
script using CARLA simulator [4]. RGB » Conduct experiments on the public benchmark KITTI[5][6] to assess effectiveness of

the trained models using our synthetic dataset.
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